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Background
Wheat (Triticumaestivum L) is a widely cultivated crop on over 200 million hectares with 
an annual production of approximately 700 million metric tons of grain (http://​www.​fao.​
org/​faost​at/). Wheat contributes to nearly 20% of the total dietary calories and protein 
consumed worldwide [1]. Raising grain yield remains the main target in wheat breeding. 
Manipulating plant architecture offers an important approach for the improvement of 
grain yield in crops. Plant architecture encompasses branching (tillering) pattern, plant 
height, the shape, size, location of leaves, and reproductive organs. Plant architecture is 
closely associated with the adaptability of a crop to variable environments, assimilate 
accumulation, and harvest indexing [2]. According to Donald [3], a crop ideotype is a 
weak competitor and makes a minimum demand on resources per unit of dry matter 
produced. An ideal plant architecture is of high efficiency relative to its environmen-
tal resources. Ideal plant architecture/node length of wheat is different in variable envi-
ronments (e.g., drought, lodging). Dwarfing and semi-dwarfing alleles of Reduced height 
(Rht) loci substantially reduce plant height and improve assimilate partitioning to spike 
and high lodging resistance, all further leading to the improvement of grain yields in 
wheat [4]. In wheat, plant height is determined by internode number, internode length, 
and spike length. New internodes are produced until the wheat plants reach the floret 
initiation stage. After this stage, the increase in stem length mainly reflects internode 
and spike elongation. Thus, internode initiation rate and internode and spike elongation 
rate during stem elongation are the major determinants for plant height. The different 
internodes of an individual stem play variable roles in determining grain yield. Com-
bining the desired phenotype of both apical and basal internodes will be beneficial for 
increasing grain yield in crops.

Crop domestication and breeding induce natural allelic variations, which determine 
quantitative trait loci (QTLs) associated with agricultural traits. Understanding the 
genetic basis of phenotypic variation in various germplasm is critical for making accu-
rate selection decisions and for combining desired allelic combinations, which will lead 
to the improvement of wheat grain yield. Genome-wide association studies (GWAS) 
offer a powerful approach for dissecting the genetic basis of complex traits and identify-
ing causal polymorphisms [5, 6]. Although a substantial number of wheat GWAS have 
been reported, these studies are underpowered owing to the relatively small number of 
single-nucleotide polymorphisms (SNPs) used (< 1million). With the availability of the 
wheat reference genome and next-generation sequencing technologies for resequencing 
analyses, comparative genomic sequence analyses enable us to identify more than 100 
million SNPs [7–14]. Haplotype analysis of the associated genomic regions may reveal 
the selection process of the preferred haplotype during wheat breeding. The identifica-
tion and utilization of superior alleles for the associated traits may greatly facilitate the 
breeding of new wheat cultivars with high grain yield. The utilization of preferred haplo-
types holds great potential for the improvement of wheat grain yield.

To look for the regulators that separately control the length of each internode, and assess 
the genetic basis of geographical differentiation and breeding selection for wheat plant 
architecture traits, we conducted GWAS of eight plant architecture traits in 306 world-
wide wheat accessions and determined the associated haplotypes and their geographical 
distribution. We further examined the breeding effects on these haplotypes in 831 wheat 
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accessions that were introduced from other countries or developed in China from 1900 
to 2020. Moreover, we explored a number of loci that can separately control the length of 
internodes within individual stems.

Results
Overview of plant architecture traits in this study
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plant architecture traits (Additional file 2: Table S4). Notably, we observed that some 
significant loci were specially associated with the length of the four internodes, sug-
gesting the relative independence of the genetic control of internode length in this 
study.

Pleiotropy and LD play important roles in validating phenotypic correlations 
[18]. Of the 247 loci with pleotropic effects, 182 were associated with more than 
four traits, and 64 loci had associations with two or three traits (Fig. 2b, Additional 
file 2: Table S4). These results suggest that these traits might be genetically co-reg-
ulated. We took TEOSINTE BRANCHED1 (TB1) as a control, because recent work 
reported that TB1 regulates height and stem internode length in bread wheat [19]. 
The genomic region (Chr4D: 15,938,883-19,054,796) including TB1 was associated 
with the length of second internode, third internode, shortest tiller, longest tiller, 
and main shoot (Additional file 2: Table S5), suggesting its potential connection with 
internode length, which is consistent with previous finding [19]. Notably, the major 
loci for the length of the main shoot (Y1-MSL-1A-1; 2,891 associated SNPs; B-MSL-
1A-1:391 associated SNPs), the longest tiller (Y1-LTL-1A-1; 6,079 associated SNPs; 
B-LTL-1A-1: 27 associated SNPs), the shortest tiller (Y1-STL-1A-1: 1002 associ-
ated SNPs; B-STL-1A-1: 5 associated SNPSs), and the peduncle (Y1-PL-1A-1: 5,768 
associated SNPs; B-PL-1A-1: 396 associated SNPS; Y2-PL-1A-1: 4 associated SNPs) 
located in chromosome 1A: 45,791,400-49,172,693 (Additional file 2: Table S4). Most 
loci for the length of the longest and the shortest tillers overlapped, thus explaining 
the strong phenotypic correlations between peduncle length and tiller length as well 
as the consistency of the length among the tillers of individual plants.

To confirm the selected loci in the wheat genome during the gradual improvement 
of grain yield in China, we selected 59 Chinese wheat accessions (17 cultivars ver-
sus 42 landraces) from the 306 wheat accessions for further analysis. These 59 Chi-
nese accessions were selected to display the genomic selection during Chinese wheat 
breeding process, which will be further used to examine the selection of the associ-
ated peaks identified by GWAS. The 59 Chinese accessions are important varieties 
during Chinese wheat breeding process. We combined the results of whole-genome 
differentiation of the cross-population composite likelihood ratio (XP-CLR) (Fig. 2c, 
Additional file  2: Table  S6). In total, we determined that 49% of the detected loci 
(163 of 330) during this study were significantly selected in wheat improvement 
for higher yield (Fig.  2c, Additional file  2: Table  S4). The loci associated with the 
length of the main shoot, the second internode length, and the longest and short-
est tiller in this study (e.g., Y1-MSL-2A-7, Y2-MSL-6B-1, Y2-SIL-2A-1, Y1-SIL-
2A-2,, Y2-STL-2A-1, and Y1-LTL-2A-1) as well as known plant height genes (e.g., 
Rht-D1, and Rht8) appeared to have experienced a strong selective sweep (Addi-
tional file  2: Tables S4 and S6). Moreover, the loci that are specifically associated 
with the length of the peduncle, and the third and fourth internodes (Y1-PL-1A-1 
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Rht-D1) associated with spike development, and grain number and size were under 
strong selection (Additional file 2: Table S6). This result reflected the improvement 
of adaptation to local environments and grain yield in wheat breeding.

Genetic basis of geographical differentiation and breeding selection of internode length

The internodes within individual stems play different roles in determining grain yield in 
crops. To search for loci that can separately regulate the length of the four internodes 
and determine the genomic basis of geographical differentiation and breeding selection 
for these traits, we examined the distribution of internode length as a function of the 
geographical provenance of each accession. We then examined the proportion of each 
haplotype in all geographical regions based on the four major loci specifically associ-
ated with the length of each of the four internodes (Fig. 2a, Additional file 2: Table S1) in 
the 306 worldwide wheat accessions. In addition, we characterized the extent and direc-
tion of the changes of haplotype composition in the 831 wheat accessions (most of the 
831 Chinese accessions are modern cultivars) that were introduced from other countries 
or developed in China since 1900 (Additional file  2: Table  S7). The genetic control of 
agronomical traits might be best understood by comparing a progenitor organism with 
its derivatives. Genetic crosses between progenitor and derivatives would identify the 
genetic factors that accounted for their different phenotypes. Thus, we examined the 
haplotype distribution in the wheat accessions in the two pedigrees between the 1920s 
and 1970s in China.

Peduncle length

Peduncle (the first internode below spike) length showed a distinct distribution pat-
tern across the seven continents/regions (Fig.  3a, Additional file  2: Table  S8). Euro-
pean accessions had the longest peduncles (52.88  cm), whereas Asian accessions 
had the shortest peduncles (46.83 cm) (Fig. 3a, Additional file 2: Table S8). The major 
locus (Y1-PL-1A-1(5768 associated SNPs); B-PL-1A-1(396 associated SNPs); Y2-PL-
1A-1 (four associated SNPs) associated with peduncle length mapped to chromo-
some 1A:45,791,400-49,094,709. We identified three haplotypes of this locus (peduncle 
length-long, PL-L; peduncle length-medium, PL-M; peduncle length-short, PL-S) 
in the 306 worldwide wheat accessions: HapPL−S = 49.27  cm (48.37% of accessions), 
HapPL−M = 48.83 cm (20.26% of accessions), HapPL−L = 53.84 cm (31.37% of accessions) 
(Fig. 3b, c, Additional file 2: Tables S9 and S10). European accessions exhibited a higher 
proportion of HapPL−L, whereas HapPL−S and HapPL−M was more heavily represented in 
Asian accessions (Fig. 3b, c, Additional file 2: Table S10). In addition, within each of the 
three haplotypes, the European accessions always had a longer peduncle than African 
accessions (Additional file 2: Table S10). These results revealed the genetic basis of the 
differences in peduncle length between geographical areas.

The genomic region covering Y1-PL-1A-1 was under clear selection between Chi-
nese landraces and cultivars (Fig.  3d). To further assess the selection of Y1-PL-1A-1 
in Chinese wheat accessions over the past 120 years, we determined the proportion of 
each haplotype in 831 wheat accessions that were introduced from other countries or 
developed in China since 1900 (Fig.  3e, Additional file  2: Table  S7). In the 831 wheat 
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were initially released in the early 1980s. Aimengniu is a high yield variety, which is the 
founder genotype for more than 20 released Chinese cultivars, many of which are widely 
planted in China [9]. Xiaoyan6 was recognized through an award in 1985, and more than 
40 Chinese cultivars have been derived from this founder genotype [9]. Our collection 
included a variety of pedigree contributors and subsequently released derived cultivars 
for both Aimengniu and Xiaoyan6 founder genotypes (Fig. 3f, h). The genetic contribu-
tion of founder genotypes to their derived cultivars was reported in our previous work 
[9]. We examined the distribution of three haplotypes (HapPL−S, HapPL−M, and HapPL−L) 
in the two pedigrees of two founder genotypes (Aimengniu, Xiaoyan6) (Fig. 3f, h). Both 
pedigrees were ultimately derived from three major global genotypes (Rieti, Wilhelmina, 
and Akagomughi) between the 1920s and 1970s [9]. In the first pedigree (Aimeng-
niu), three founder genotypes (Rieti, Wilhelmina, and Akagomughi) contributed to 
derived cultivars: Mentana, Autonomia, Abbondanza, Mengxian 201, Aimengniu. More 
recently, Zhoumai 9, Zhoumai 16, Xumai 35, Zhoumai 18, and Zhongmai 66 derived 
from Aimengniu (Fig. 3f ). In addition, some other varieties (e.g., Fontarronco, Yuejin5, 
Neuzucht, Aifeng5, Bainong791, Yanshi4, Zhou8425B) contributed to derived culti-
vars in the first pedigree. In the second pedigree (Xiaoyan6), Villa Glori, San Pastore, St 
2422/464, and Xiaoyan6 were the derivatives of the same founder genotypes (Rieti, Wil-
helmina, and Akagomughi). Next, Xinong 881, Zhengmai 9023, Zhengmai 366, Xinong 
979, and Fengdecunmai 5 derived from Xiaoyan6 (Fig. 3h). Moreover, some other vari-
eties (e.g. Mara, Xiaoyan96, Xinong65, Yumai47, Shaan 213, Zhengmai16) contributed 
to derived cultivars in the second pedigree (Xiaoyan6). All the SNP information of the 
varieties in the two pedigrees can be obtained from our previous work [9].

The haplotype distribution in the wheat accessions in the pedigrees allowed us to iden-
tify the haplotypes that matched the modification of wheat breeding (Fig. 3g, i, Addi-
tional file 2: Tables S11 and S12). In the two pedigrees, for the three original founder 
genotypes, Rieti, Wilhelmina, and Mara harbored HapPL−L, while Akagomughi carried 
the HapPL−S (Fig. 3g, i). The remaining derived cultivars had HapPL−S, except Mengxian 
201 (first pedigree), Neuzucht (first pedigree), Aimengniu (first pedigree), Yanshi4 (first 
pedigree), Yumai47 (second pedigree), Zhengmai366 (second pedigree), and Fengde-
cunmai5 (second pedigree) with HapPL−M (Fig. 3g, i, Additional file 2: Tables S11 and 
S12). The different haplotypes of these four derivatives with the three original founder 
genotypes also indicated the contribution of other founder genotypes. This finding was 
consistent with reduced plant height in wheat breeding. However, we cannot exclude 
the possibility that HapFIL−S was likely introduced from other founders which does not 
belong to these two pedigrees.

Length of the second internode

Oceanian accessions exhibited the longest second internode of all groups (30.11  cm), 
whereas African accessions had the shortest second internode (26.71  cm) (Addi-
tional file  2: Table  S8, Additional file  1: Fig. S2a). The major locus (Y1-SIL-1A-2) 
associated with the length of second internode located to chromosome 1A:555,809,177-
557,861,830. We detected two haplotypes at this locus (second internode length-long, 
SIL-L; second internode length-short, SIL-S) in the 306 worldwide wheat accessions: 
HapSIL−L = 28.61 cm (94.44% of accessions), HapSIL−S = 22.93 cm (4.90% of accessions) 
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(Additional file 2: Tables S9 and S10; Additional file 1: Fig. S2b, c). All Oceanian acces-
sions harbored only HapSIL−L, whereas African accessions presented both HapSIL−L 
(89.66%) and HapSIL−S (10.34%) (Additional file 2: Table S10; Additional file 1: Fig. S2b, 
c). The distinct distribution of the two haplotypes supported the genomic basis of the 
phenotypic differences between Oceania and Africa.

The locus Y1-SIL-1A-2 was not a target of selection between Chinese landraces and 
cultivars (Additional file 2: Table S4; Additional file 1: Fig. S2d). Indeed, we only detected 
one haplotype (HapSIL−L) across the 831 wheat accessions, making HapSIL−S absent from 
Chinese wheat accessions (Additional file 1: Fig. S2e). We examined the haplotype dis-
tribution in the two pedigrees, as shown in Fig. 3e, g (Additional file 2: Tables S11 and 
S12; Additional file  1: Fig. S2f, g). For the three original founder genotypes, Rieti and 
Wilhelmina carried HapSIL−L, and Akagomughi harbored the HapSIL−S. Importantly, 
no derivatives in either pedigrees retained HapSIL−S, except Yuejin5 (first pedigree) and 
Zhou8425B (first pedigree), indicating that HapSIL−S was selected against these deriva-
tives (Additional file 2: Tables S11 and S12; Additional file 1: Fig. S2f, g), in agreement 
with its absence in the 831 wheat accessions.

Length of the third internode

Middle Eastern accessions had the longest third internode (23.08 cm), whereas Oceanian 
accessions exhibited the shortest third internode (19.69 cm) (Additional file 2: Table S8; 
Additional file 1: Fig. S3a). The major locus (Y1-TIL-3D-1) associated with third inter-
node length mapped to chromosome 3D:35,786,271-39,382,820. We identified two hap-
lotypes at this locus (third internode length-long, TIL-L; third internode length-short, 
TIL-S) in the 306 worldwide wheat accessions: HapTIL−S = 21.57  cm (94.10% of acces-
sions), HapTIL−L = 21.87 cm (5.90% of accessions) (Additional file 2: Tables S9 and S10; 
Additional file 1: Fig. S3b, c). Although we did not observed significant difference of the 
BLUE values of data in 2021 and 2022, the phenotypic values for these two haplotypes 
were obviously different for each year (Additional file  2: Table  S13). Middle Eastern 
accessions had the (88.10% of accessions) and HapTIL−L (11.90% of accessions) HapTIL−S 
haplotype, whereas African accessions presented both HapTIL−S (93.10% of accessions) 
and HapTIL−L (6.90% of accessions) (Additional file 2: Table S10, Additional file 1: Fig. 
S3b, c). The differences of the distribution of the two haplotypes indicated the genomic 
basis of the phenotypic differences between Africa and the Middle East.

We determined that Y1-TIL-3D-1 was selected between Chinese landraces and culti-
vars (Additional file 2: Table S4, Additional file 1: Fig. S3d). Indeed, the frequency dis-
tribution of Y1-TIL-3D-1 haplotypes changed over time. While HapTIL−S was the major 
haplotype in the 831 wheat accessions, its frequency increased from 90% before 1960 
phase to 96% after 2000 (Additional file 2: Table S7; Additional file 1: Fig. S3e). In the two 
pedigrees, all the wheat accessions had HapTIL−S (Additional file 2: Tables S11 and S12; 
Additional file 1: Fig. S3f, g).

Length of the fourth internode

Middle Eastern accessions had the longest fourth internode (18.23 cm), whereas Afri-
can accessions had the shortest fourth internode (14.52 cm) (Additional file 2: Table S8; 
Additional file 1: Fig. S4a). The major locus (Y1-FIL-2A-3; B-FIL-2A-1) associated with 
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fourth internode length located to chromosome 2A:613,558,313–619,417,320. We 
detected two haplotypes at this locus (fourth internode length-long, FIL-L; fourth inter-
node length-short, FIL-S) in the 306 worldwide wheat accessions: HapFIL−L = 17.54 cm 
(90.82%), HapFIL−S
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Table S14). In addition, the results suggested the relative stability of other haplotypes of 
the length of four internodes (Additional file 2: Table S14).

Genomic basis of geographical differentiation of tiller length

We identified a locus on chromosome 1A between 45,791,400 and 49,172,693 bp that 
was associated with the length of the longest tiller, the shortest tiller, and the main shoot. 
This locus mapped to the same position as the major locus of the first internode length 
mentioned above (Additional file 2: Table S4). We observed the highest values for the 
longest tiller, shortest tiller, and the main shoot in European wheat accessions and the 
shortest values in African wheat accessions, which was the same trend as that seen for 
the length of the first internode (Additional file  2: Table  S8). Similarly, the three hap-
lotypes associated with the locus for first internode length displayed identical effects 
on the length of the longest tiller, shortest tiller, and the main shoot (Additional file 2: 
Table S10), suggesting that this observed haplotype distribution might explain the geo-
graphical distribution of these phenotypes.

Geographical differentiation and breeding selection of haplotype combinations 

for the length of the internodes

Wheat breeding has exploited variable haplotypes associated with agricultural traits. 
Understanding the genetic basis of this phenotypic variation in various germplasms 
is critical for making accurate selection decisions and for combining desired haplo-
type combinations to improve wheat grain yield. We detected seven major haplotype 
combinations of the four major loci for the length of the four internodes. These seven 
combinations accounted for 94.12% (288 accessions) of all the haplotypes in the 306 
worldwide wheat accessions (Additional file 2: Table S16). We determined the effects of 
the seven combinations on the associated traits (Fig. 5a–d, Additional file 2: Table S17). 
The four internodes were shorter in haplotype combination 4 (C4, Hap
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from 26.05% of all accessions before 1960 to 13.33% (1961–1980), 7.22% (1981–2000), 
and 3.98% (2001–2020) (Fig. 5h, Additional file 2: Table S18). The haplotype combina-
tion (HapPL−M-HapSIL−L-HapTIL−S-HapFIL−N1) increased obviously in frequency from 
pre-1961 to 1961–1980 among Chinese wheat accessions, suggesting that this combina-
tion was selected during this time window (Fig. 5i, Additional file 2: Table S18). Similarly, 
another haplotype combination (Hap
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Discussion
Plant breeders have paid special attention to plant architecture for decades because of 
its significance for improving varieties. Plant architecture plays a decisive role in grain 
yield potential. Plants with reduced height benefit from improved lodging resistance and 
assimilates partitioning to the developing spike, facilitating improved floret fertility and 
grain numbers per spike [22].

Some QTLs and genes associated with internode length have been identified in dif-
ferent species, which provided genetic resources for the manipulation of plant height 
through the length of different internodes [23–28]. To the best of our knowledge, in 
wheat, some genetic work related to peduncle have been reported [29, 30]. However, 
few genetic studies dissected the length of internodes or the length of the shortest 
and longest tillers within individual plants. The only publication reported the QTLs of 
the internode length using two biparental populations without the physical positions 
in wheat genome, since the information of reference genome was not available at that 
time [31]. Some identified loci in this study were overlapped with reported QTLs or 
genes in previous work. Nevertheless, a big proportion of the identified loci, espe-
cially these loci associated with four internodes, are novel relative to previous studies.

In this study, we determined the phenotypic variation for eight plant architec-
ture traits, including the length of the four internodes and the shortest and the 
longest tiller, based on 306 worldwide wheat accessions originating from the seven 
continents/regions. We used whole-genome sequencing data for these 306 wheat 
accessions, with an average depth of 10 × coverage and identified about 40 million 
high-confidence and high-quality SNPs. GWAS results identified QTLs that are inde-
pendent of the known Rht genes, therefore providing new resources for the genetic 
control of plant height and internode length.

Few studies have explored the genetic basis of the geographical distribution and 
breeding selection of the internode length. In this study, the worldwide distribution 
of the haplotypes underlying each of the identified QTLs offers a glimpse into the 
genomic basis behind the phenotypic differences for the eight traits measured here as 
a function of geographical origin. In addition, we examined the selection of all hap-
lotypes during wheat over the past 120 years in China. These haplotypes have been 
clearly selected (for or against) in Chinese breeding, indicating that the observed 
alterations of haplotypes underscore the genomic basis of modification for plant 
architecture traits in the past 120 years in China.

The peduncle, the first internode below the spike, plays variable roles in the deter-
mination of crop grain yield. The peduncle vascular system is critical for the trans-
port of photosynthetic products, nutrients, and water from the roots and leaves 
to the filling grain [32, 33]. We identified one major locus related to the length of 
peduncle and main shoot. Within this major locus, four SNPs were significantly 
(− Log10[P-value] > 5.0) associated with the traits and located in the gene TraesC-
S1A02G064800. Therefore, we identified TraesCS1A02G064800 as a candidate 
gene that controlled peduncle length. The orthologue of TraesCS1A02G064800 
in Arabidopsis is Trehalose-6-P synthase 1. We identified four major haplotypes at 
TraesCS1A02G064800 in the 306 worldwide wheat accessions (Fig.  6c, Additional 
file  2: Table  S19). These four haplotypes comprised 59, 93, 88, and 53 accessions, 
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respectively (Additional file 2: Table S19). We determined the effects of the four hap-
lotypes on the associated traits (Fig. 6d, e, Additional file 2: Table S16). There were 
significant differences in the length of the peduncle (main shoot) and the main shoot 
between these four haplotypes (Fig. 6d, e, Additional file 2: Table S16). Therefore, we 
identified TraesCS1A02G064800 as a candidate gene that controlled the length of 
peduncle and main shoot.

To compare the contributions of TraesCS1A02G064800 alleles to the length of pedun-
cle and the main shoot and evaluate its potential value in wheat breeding, we assessed 
the phenotypic differences of these two traits between the alleles in a genetic popula-
tion. Sequencing the coding sequence (CDS) of TraesCS1A02G064800 resulted in the 
identification of a nonsynonymous A/G SNP (4,245 bp into the gene, 1,046 bp in the 
coding sequence) between the cultivars Zhongmai175 (AA, average main shoot length 
of 71.50 cm, average peduncle length of 43.00 cm) and Yanzhan4110 (GG, average main 
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two alleles were present almost equally in the remaining five areas (Additional file  2: 
Table S20).

We examined recombinant inbred lines (RILs) generated from the parents Zhong-
mai175 (AA, RILslong) and Yanzhan4110 (GG, RILsshort). On average, the RILslong 
(average plant height 70.46  cm, average peduncle length 26.22  cm) had taller plants 
than the RILsshort (average plant height 66.79  cm, average peduncle length 24.84  cm) 
(Fig. 5g, Additional file 2
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with equal spacing are evenly distributed. These steel columns are thick at the top and 
thin at the bottom and have equal length, which allowed us to ensure that the hole depth 
is consistent.

The phenotypic data of the eight traits exhibited differences and similarity between the 
two locations, and closely correlated with each other (Additional file 2: Table S11). All 
field management tasks (e.g., irrigation, weed management, and fertilization) were per-
formed according to the normal standards. Plants were irrigated when required. Seven 
traits were measured at physiological maturity, and the resulting values were used to cal-
culate one trait (the difference between the length of the shortest and longest tiller). Five 
plants were randomly selected as five replicates for each accession to determine the eight 
traits at each location. The eight traits include the length of the first (peduncle), second, 
third, and fourth internode from top; the length of the shortest main shoot and the long-
est main shoot; and the difference between the length of the shortest and the longest 
tiller. The main shoot was selected as the strongest tiller for each plant. The longest and 
shortest tillers were determined by the length of fertile tillers with spikes for individual 
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Genome wide association study (GWAS)

The GWAS was performed for eight plant architecture traits on 306 worldwide wheat 
accessions using 40,710,923 SNPs (MAF > 0.05; missing rate < 20%; missing genotype 
rate < 10%). The algorithm efficient mixed model association expedited (EMMAX) can 
efficiently correct for a wide range of population structures, which would otherwise lead 
to spurious genotype–phenotype associations in a GWAS [47]. Therefore, the GWAS 
was conducted using GEMMA (version 0.98.4) by fitting the mixed linear model (MLM) 
association expedited (EMMAX) algorithm, including kinship as a correlation matrix.

The top three principal components (PCs) from principal component analysis (PCA) 
were used to build the matrix for population structure correction using Plink [48] with 
the parameters in the program set to “–pca 10”. The matrix of simple matching coef-
ficients was used to build the kinship (K) matrix. Genetic relationship between acces-
sions was modeled as a random effect using the K matrix. We used significant P-value 
thresholds (P < 10–5) to control genome-wide type I errors according to previous study 
that included identical SNP number in wheat [9].

Linkage disequilibrium analysis

To determine the genomic regions of interest, the SNPs associated with all traits 
above a significance threshold of −Log10(P-value) = 5 were combined and the dupli-
cates removed with vcftools. LD between SNPs was calculated by PLINK [48], with the 
parameters in the program set to “ --allow-no-sex --maf 0.05 --geno 0.2 --r2 --ld-win-
dow 50000 --ld-window-r2 0.” The results were used to combine SNPs to define inter-
vals based on the LD between markers, with markers with r2 > 0.1 being included in the 
same interval. If the distance between the peak SNPs of two adjacent loci was less than 
5  Mb, these two loci were merged. The number of significant SNPs contained within 
each genomic region was counted. If the SNP number in the corresponding genomic 
region was more than 5, the region was defined as a QTL. The software LDBlockShow 
was used to conduct the pairwise LD analysis of the associated genomic region for 
TraesCS1A02G064800 [49].

Construction of association networks

The analysis of association network was conducted using the software Cytoscape [50] 
(Version: 3.2.1). The network displayed the connections between the traits and their cor-
responding loci as well as the links between loci (average r2 ≥ 0.5). The effective scores 
for each locus are represented by P-values of the most significant SNPs associated with 
the corresponding traits in the GWAS. The link between pairs of loci was represented as 
their average LD. Here, the LD was calculated according to previous work [6] as follows:

with LD (locus1, locus2) being the average pairwise LD value (r2) between all SNPs of 
locus1 and all SNPs of locus2; PmaxLD(locus1)/PmaxLD(locus2) is the largest possible 
LD value within the locus1/locus2 locus, obtained by calculating the average r2 of each 
SNP against all SNPs from the locus1/locus2 locus. The maximum average LD value rep-
resents this locus’s PmaxLD. Pairwise r2 values were calculated between all significant 
SNPs using PLINK [48].

LD = 1/2∗(LD (locus1, locus2)/PmaxLD(locus1)+LD(locusn1, locus2)/PmaxLD(locus2))
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SNP‑based haplotype construction for loci

The SNP-based haplotype construction for each locus was evaluated using the LDheat-
map and Pheatmap software package in R. The Pheatmap package defines haplotype 
blocks and provides the number of haplotypes and their physical length (bp) for each 
block, as well as the number of tagged SNPs. If the SNP was the same as in the refer-
ence type (Chinese Spring), it was given a value of 0; if the SNP was different from that 
of Chinese Spring, it was given a value of 1. Heterozygous and missing SNP were given 
a value of 0.5. Full cluster analysis was performed on all accessions using Euclidean dis-
tance using Pheatmap (version1.0.12) in R. The LDheatmap package in R [51] was used 
to conduct LD analysis for each locus in this study.

Identification of putative selective sweeps

The XP-CLR test [52] was used to detect selective sweeps to identify potential selec-
tive signals between Chinese cultivars (17 accessions) and landraces (42 accessions, 
reference population) in 306 word wheat accessions. The XP-CLR score between two 
wheat populations was calculated using the parameters “--ld 0.95 --maxsnps 1000 --size 
50000 --step 20000.” To detect which gene was under selection, the selection sweeps 
were ranked based on decreasing XP-CLR scores, and the top 5% regions were chosen as 
selective sweeps.

The interaction between genotypes and environments, and the stability of haplotypes

The Shukla model [21] was used to evaluate the interaction between genotypes and envi-
ronments. The interaction evaluated using the formula as follows:

where geij is the interaction between genotypes and environemts, yij is the phenotypic 
values of genotype i in environment j, gi is the effects of genotype i, ej is the effects of 
environment j, and μ is the mean of the corresponding traits for all the genotypes in all 
the environments.

The fd statistic analysis

The fd statistic can estimate the proportion of introgression in a given window [53]. We 
estimated the fd values across the genome using the python code available at https://​
github.​com/​simon​hmart​in/​genom​ics_​gener​al. The sliding window was set with a win-
dow size of 100 SNPs and a step size of 5 SNPs. We converted the fd statistic value to 0 
for windows of D < 0 because the negative fd statistic value is meaningless. We estimated 
the fd statistic value using Indian dwarf wheat as P1, Mengxian201 as P2, rye as out-
group in four-taxon topology ((P1, P2), P3, O), the P3 are diploid and tetraploid relatives 
of bread wheat, including 28 urartu, 31 wild einkorn, 31 domesticated einkorn, 26 wild 
emmer, 29 domesticated emmer, 41 free-threshing tetraploids.

geij = yij − gi − ej − µ

https://github.com/simonhmartin/genomics_general
https://github.com/simonhmartin/genomics_general
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